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Face Aging
❖ Face aging is a task of  synthesizing faces of  a certain 

person under a given age. 

Images are from FG-net.

Challenges: the lack of  labeled faces of  the same person across a long age range. 



Recent Progress of  Generative Adversarial 

Networks(GANs)

❖ GANs

❖ Deep Convolutional GANs, DCGANs

❖ Energy Based GANs

❖ Wasserstein GANs, WGANs

❖ Least Squares GANs, LSGANs

❖ Improved WGANs



Typical Conditional GANs

ICGANs

Semi-Supervised GANs

Where to insert condition information?

How to train condition GANs?



Related work

Face Aging with Conditional Generative Adversarial Networks  --Antipov et al

Obtain about 80% of  identity-preservation. 



Related work

Boosting Cross-age Face Verification via Generative Age Normalization

-Antipov et al



Our Work



Loss Function

x is from source age group.

y is from target age group.



Datasets
❖ Cross-Age Celebrity Dataset(CACD)

❖ More than 160, 000 faces of  2000 celebrities with age 

ranging from 16 to 62.

❖ Image resolution is 128 x 128

❖ We split images into 5 age groups, 10-20, 21-30, 31-40,

41-50, 50+



Experiments: quantitative comparison

100 test images in the 11-20 age group. For each test image, we generate 4 aged faces

with different target age conditions.

80 volunteers



Experiments: quantitative comparison



Experiments: qualitative comparison

The aging effect of  different age classification loss weights.



Experiments: qualitative comparison

The aging effect with different feature layers.
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