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How To Optimize
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Newton’s Method






Newton’s Method Gradient Descent

\/ Good Convergence Rate

\/ Cheap Per Iteration Cost
X Stability
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[Shtengel et al. 2017]
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Gradient Descent

\/ Cheap Per Iteration Cost
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Original Proxy Enhanced Proxy
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Acceleration



Nesterov Acceleration

BFGS

[Kovalsky et al. 2016]

[Liu et al. 2017]
Anderson Acceleration

[Peng et al. 2018]
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Constraint & Termination
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