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Image Based Relighting
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Image Based Relighting

[Debevec et al. 2000] 2000+ Images [Ren et al. 2015] 200+ Images



Image Based Relighting
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Synthetic Scenes
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Synthetic Scenes

g . ' By - , Texture:
Procedurally &4 p o « AR @ < '@ <N oo ) Adobe Stock

Material
Dataset




Preview

Sample-Net: Relight-Net:
learn optimal light directions learn the relighting function
Our result Ground truth
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Relight Net
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Relight Net
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Relight Net
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Sampling Directions

* How to choose input directions.

« Minimize relighting error.
» deep learning training process

 Embed light into network.
» Select samples from a group of candidates
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Sample Net
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Sample Net

1052 pairs 5 pairs

W — .
]
/1052 columns 5 columns *a,
|
D S Soft-max
E B N VVS E R B T
1052 x 5 P

| Ws Sparse 174 1052 x 5




Sample Net + Relight Net
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Sample Net + Relight Net
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Sample Net + Relight Net
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PNSR Distributions with Different Trainging Setting
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Environment Map Rendering Results

Grace Cathedral

our result ground truth



Refine Relight Net
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Our Real Data #2 Environment Map (Frontal Hemisphere) Rendering
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Future Work

Do reconstruction.
* Geometry + BRDF

« Sparse sampling in general image based rendering.
* Relight + View Synthesis

« Sparse sampling in rendering.
* Precomputed Radiance Transfer (PRT)
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Project Page: http://viscomp.ucsd.edu/projects/SIG18Relighting
My Website: http://cseweb.ucsd.edu/~zex014/

My Email: zexiangxu@cs.ucsd.edu



