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sketch garment & body parameters




/At\\/ %\ How to bridge 2D artistic fashion design, cloth sewing
| pattern, and 3D garment shape in a data driven
framework. [Wang et al. 2018]

How to animate a statistic garment shape driven by
character body motion and allow interactive user
editing to the animation. [Wang et al. 2019]

How to formulate garment motion in an industry
perspective. [Holden et al. 2019]
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A possible approach: physically based simulation

[Tang et al. 2018]

+) Automatic

-) Lots of parameters
- Hard to tune as a combination
- Some parameters lack physical
meaning
- Global parameter set may not exist
- Parameters interpolation leads to
unexpected shape change

-) Difficult to apply shape constrains (keyframe
control)
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Key observation

What can be changed in a
certain keyframe?
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Interactive design pipeline
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Limitation & Future work

* Unicode for different types of garment




' Subspace Neural Physics: Fast Data-Driven
- I@ @I i\ 1 Interactive Simulation. [Holden et al. 2019]
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